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CLS new denoising algorithm succeed to remove ::"'-'.éii:'.F.'.!'-::jf‘iﬁf

KarIn noise efficiently, better than ever

Complementary infos Data access

Results of V3.0 denoising on the comparative benchmark
To evaluate the quality of the denoising, we created a comparative benchmark against which any new method can
compare its performance. We aim to enhance to the benchmark with new metrics with comparison to other
satellites or in-situ data. Here we focus on three metrics (more details with the QR code associated above)
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@ Introduction & Objectives
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have developed. [ ' Covariance of denoised SSHA and its residuals

-— Perfect theoretical covariance

We aim to minimize the covariance between denoised swaths and their residuals.
A negative covariance means that the denoising has created nonexistent signal. We
can see clear improvement from V2.0.11to V3.0.
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Real L3 editing mask is applied to simulated swath

Does the network Is reproducing the ocean dynamics of the training

Artefacts and biases mitigated : simulated model ?
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In V4.0 of products

1st derivative of 2km SSHa after V3.0 denoising (m/s)

We are currently working
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V2.0.1 products against SSHA denoised by UNet in V3.0 Figure : Example of 15t and 2™ gradients, for 2km SSHA denoised in V3.0 (left) and 250m SSHA denoised by experimental denoising for V4.0 (right)
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